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B2 Yz=2@Ao|M ae|s
1. Initialize weights and thresholds to small random values {usually, weights
are uniformly distributed between(—0.3, 0.3) and threshold between(0.015,
0.015)].
2. Present input /output pairs for the leaming set(C pairs). Input vector I may
be continuos-valued.
Specify desired outputs{d(),,d(n)} for each case.
3. Caculate actual outputs for each case c:
aic=f(unetic) =1{1+exp—[ (wnet,.) I}
where
«dic=activation{output ) of node I at layer k for case c,

«nieti=net input to node j at layer k for case ¢
=E(kwij)(kflaic)+kT1
«W;=weights on connection from unit i at layer k-1 to unit j at k
and
«T=negative threshold of unit i at layer k.
At output layer, let Y<(j)=ya;.
4, Adapt weights after all cases c=1,~,C are computed, starting at output
layer and using
AW =pZ(Dc) (xoaie)
and
AT=pE(Dy)
where y is a learning rate, If node j is an output node. Then
wB,c=—2E/8(unetic) =Ye() (1~ Ye(j){de(j) - Y°(3))
0fherwise,
k-1 icz(kﬂaic)(l_k—laic)z(szc)(kWJs)
where is all nodes on layer k.
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J8,. = activation of node k at layer 2 for input ¢
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1. Initialize weight vectors for the k output nodes to either small random
values or small uniform values,

2. Present input vector, x. input x is multiplied by the weights on the
connections from input nodes to each output node, Thus, the neural nerwork
finds
xtw(j)
for each output node. J, which is its input. A competition ensures to deter-
mine the output node with the largest net input. Denote the winning node. J*

3. Update the weights vector for J* by the following learning rule, Where is a
learning rate and 0<g<1:

w(i*) = w(j*) + glew(*)}

4. Present next input vector,
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