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Recognition of Unconstrained Handwritten Numerals

Based on Modular Design and Pipeline Connection
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ABSTRACT

In this paper we emphasize the importance of architectural aspects of designing a handwritten

numeral recognition program, and describe two architectural design. First, we describe the

modular design of a numeral recognition program. and mention its advantages. In this design. a

recognizer is composed of 10 binary subrecognizers each of which is responsible for only one

class. Rule-based training and neural-based training are presented. Second, we connect two (or

more) recognizers serially which we call pipelining connection. The second recognizer may ~ act

as verifier for the patterns recognized by the first recognizer, or as second chance recognizer for

the patterns rejected by the first recognizer. Our experimental

the merits of the proposed architectural designs.

results obtained till now show
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R{P) /* P : input pattern */
{
split P into subpatterns P1’, P2/,
-+, Pm', if needed;
/* normally m=2, 3 */

extract feature Fi from P (or Py’
, P2, e, Po')s
if(veto_rule (F1) is satisfied),
return(NO);
/* P not belonging to class i */

extract feature Fz from P (or
P, P, -, Pn')s
if(veto_rule(F2) is satisfied),
return(NQ);
/* P not belonging to class i */

return(YES);
/* P belongs to the class i */
}
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