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Abstract

In this paper. we propose an on-line recognition system of Chinese characters using an
Adaptive Resonance Theory-1(ART-1) neural network. Strokes, primitive components of
Chinese characters, are usually warped into a cursive form and classifying them is very
difficult. To deal with such cursive strokes, we use an ART-1 neural network that has the
following advantages: (1) it automatically assembles similar patterns together to form classes
in a self-organized manner: (2) it directly accesses the recognition codes corresponding to
binary input patterns after self-stabilizing: (3) it doesn’t tends to get trapped in local
minima, or globally incorrect solutions. A database for character recognition also dynamically
constructed with generalized character lists, and a new character can be included simply by
adding a new sequence to the list. Character recognition is achieved by traversing the Chinese
database with a sequence of recognized strokes and positional relations between the strokes.
To verify the performance of the system. we tested it for 1800 daily-used basic Chinese
characters in Korea. and obtained a good recognition rate of 97.85% and a speed of 0.81
second per character. This results suggest that the proposed system is pertinent to be put
into practical use.
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Table 1. Binary input patterns.
Code Binary Input
0 10101010
1 10101001
2 10100101
3 1 00101 01
4 01010101
5 61010110
6 01 011010
7 61101010
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oA ART-1 AR DS AH8g 2efal ¢t

A4 Asee Ackslich AFEAlel Farel sty
wol thak A Aol 7Rt ART-1 AAWE ol %
alof 8% Aysielt 2elw EARlAe wRE o
7} 1 52ke) 916 g A, sk 4l el s
.
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