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Performance Comparision of Multilayer Perceptron Nueral Network A
and Maximum Likelihood Classifier for Category Classification
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ABSTRACT

In this paper, the performances between maximum likelihood classifi er based on statistical classification and
multilayer perceptrons based on neural network approaches were compared and evaluated. Experimental results from
both neural network method and statistical method are presented. In addition, the nature of two different approches
are analyzed based on the experiments.
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