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ABSTRACT

This paper describes a large-vocabutary continuous-speech recognition system using continuous hidden Markov
models for the Korean language. To improve the performance of the system, we study on the selection of speech
modeling units, inter-word modeling, search algerithm, and grammars. We: used triphones as basic speech modeling
units, generalized triphones and function word-dependent phornes are used to improve the trainability of speech units
and to reduce errors in function words. Silence between words is optionally inserted by using a silence model and a
null transition. Word pair grammar and bigram model based on word classes are used. Also we implement a search
algorithm to find N-best candidate sentences. A postprocessor reorders the N-best sentences using word triple gram-
mar, selects the most likely sentence as the final recognition result, and finally corrects irivial errors related with
postpositions, In recognition tests using a 3,000-word continucus speech database, the system attained 93.1% word

recognition accuracy and 73,8% sentence recognition accuracy using word triple grammar in postprocessing,
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