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Recognition of Korean Phonemes in the Spoken Isolated
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Ahstract

In this paper, we implemented distributed neural network that recognizes phonemes by frame unit for the 30
Korean proverbs sentences consist of 106 isolated words, The features of speech were chosen as PLP cepstrums, en-
ergy and zero crossings, where we get those being used as inputs to the distributed neural networks in wide area for
a frame to get the good temperal characteristics. A young man of twenties has produced 30 proverbs 5 times, The
learning of neural network uses 4 sets of them, 1 set being unused remains for test. There exists silence between

words for the easy discrimination. The ratio of frame recognition in Jarge grouping neural network is 95.3% when 4

sets were used for the learning,
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