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(A Design of Parallel Module Neural Network for
Robot Manipulators having a fast Learning Speed)
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Abstract

It is not yet possible to solve the optimal number of neurons in hidden layer at neural
networks. However, it has been proposed and proved by experiments that there is a limit in
increasing the number of neuron in hidden layer, because too much incrememt will cause
instability,local minima and large error.

This paper proposes a module neural controller with pattern recognition ability to solve the
above trade-off problems and to obtain fast learning convergence speed. The proposed neural
controller is composed of several module having Multi-layer Perrceptron(MLP). Each module
have the less neurons in hidden layer, because it learns only input patterns having a similar
learning directions.

Experiments with six joint robot manipulator have shown the effectiveness and the
feasibility of the proposed the parallel module neural controller with pattern recognition
perceptron.
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