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Abstract

In This Paper, Linearization problem is discussed to reduce distortion of a nonlinear system
based on Schetzen’s pth-orfer inverse theorem. We propose a nonlinear adaptive prefiltering
algorithm which can reduse nonlinear distortion up to pth order by tandemly connecting a
pth-order Volterra filter before the nonlinear system under the consideration and by adjusting
the filter coefficients adaptively.

The feasibility of applying the proposed algorithm to a nonlinear system is conformed via
computer simulation by observing significant reduction of total nonlinear distortion for the
case of random input and sinusoidal input excitation.
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Fig. 1. Volterra series model for nonlinear
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filter.
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