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Abstract

This paper deals with a design method of learning fuzzy controller for conirel of an unknwon
nonlinear plant using the self-tuning algorithm of fuzzy inference rules. In this method the fuzzy identi-
Nieation model obtained that the jomed identification model of nonlinear part and linear 1dentification
madel of linear parl by fuzzy inference systems. This fuzzy identificaton model ordered self-tunng
by Decent melhod so as to be servile to nonlinear plant. Al the end, designed learning fuzzy controller
of fuzzy 1dentificalion model have learning structure to model reference adaptive system. The simula-
tion results show that the suggested identification and learmg control schemes are practically feasible

and effective.
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