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Path Control of a Mobile Robot Using Fuzzy-Neural Hybrid System
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ABSTRACT

In this paper, a fuzzy-neural hybrid control approach is proposed for controlling a mobile
robot that can avoid an unexpected obstacle in a navigational space. First, to describe the

global structure of a known environment, a heuristic collision-free space band is introduced.
Based on the band, the moving information in the known environment is trained to a neural
controller. Then, during the execution of a mobile robot navigation moving information at
each position is given from the neural controller, If the mobile robot encounters an unexpected

obstacle, a fuzzy controller activates to avoid the unexpected obstacle. Finally, some numeri-
cal examples are presented to demonstrate the control algorithm,
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