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=Abstract=
Real Time Implementation of Time Varying Nonstationary Signal Identifier
and Its Application to Muscle Fatigue Monitoring

Jin Lee, Young Seock Lee, Sung Hwan Kim

A need exists for the accurate identification of time series models having time varying parameters.
as is important in the case of real time identification of nonstationary EMG signal. This paper
describes real time identification and muscle fatigue monitoring method of nonstationary EMG signal.
The method is composed of the efficient identifier which estimates the autoregressive parameters of
nonstationary EMG signal model, and its real time implementation by using T805 parallel processing
computer. The method is verified through experiment with real EMG signals which are obtained from
surface electrode. As a result, the proposed method provides a new approach for real time implemen-
tation of muscle fatigue monitoring and the execution time is 0.894ms/sample for 1024Hz EMG signal.

Key words : Nonstationary EMG signal, Autoregressive model, Parallel processing computer, Real time identi-

fication and Muscle fatigue monitoring
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Table 1. Interval statistical value of EMG signal (mean and
standard deviation of 32 block: 32 samples/block, file: LJ, biceps

muscle)
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