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Abstract

This paper is concerned with the design of four control charts for real-time
monitoring of the continuous flow processes. Control charts for both uncorrelated
data and correlated data are designed using the Kalman filtering techinque. The
relative performance between the designed control charts and traditional control
charts is evaluated in terms of the Average Run Length(ARL).

Results show that the Adaptive EWMA control charts designed for uncorrelated
data has better performance when process mean is shifted, while the residual
control charts for correlated data has better performance when process is in

control.
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