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Korean Single-Vowel Recognition Using Cumulants
in Color Noisy Environment
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ABSTRACT

This paper presents a speech recognition methed utilizing third-order cumulants as a feature vector and a neural
network for recognition. The use of higher-order cumulants provides desirable uncoupling between the gaussian
noise and speech, which enables us to estimate the coefficients of AR model without bias. Unlike the conventional
method using second-order statistics, the proposed one exhibits low bias even in SNR as low as § dB at the expense
of higher variance. It is confirmed through computer simulation that recognition rate of korean single-vowels with
the cumulant-based method is much higher than the results with the conventional method even in low SNR.
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