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Abstract

In this paper. we implemented an opto-electronical signal processing system for the edge
detection using the diffusion neural network. The diffusion neural network performs a
Gaussian and DOG operation efficiently by the diffusion process. The diffusion neural
network is more efficient than the LOG masking method in hardware implementaion
because it has a few connections and the connection weights are fixed-valued. We
implemented a diffusion neural network using the characteristics of the light intensity
distribution function which is similar to the Gaussian function. We have shown that the
system can detect the edge of an image exactly through the experimental results.
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