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(Motion Estimation Using Feature Matching and
Strongly Coupled Recurrent Module Fusion)
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This paper proposes a motion estimation method in video sequences based on the feature
based matching and anistropic propagation. It measures translation and rotation
parameters using a relaxation scheme at feature points and object oriented anistropic
propagation in continuous and discontinuous regions. Also an iterative improvement
motion estimation based on the strongly coupled module fusion and adaptive smoothing is
proposed. Computer simulation results show the effectiveness of the proposed algorithm.
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