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Abstract

Sinusoidal current tracking inverters have substantial advantages in high performance ac
drive systems and various control strategies for the inverter have been proposed by several
researchers. This paper develops a sinusoidal current tracking inverter with neural
networks. The neural network are trained to follow a set of reference current waveforms
by erro back propagation algorithm and the trained neural networks are applied to the
current control. We compare neural networks method with conventional current control
methods (fixed band and sinusoidal band hystersis methods) and simulation results are
presented.
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Fig. 1. Three phase PWM inverter.
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Table 1. Current control algorithm.
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Fig. 2. The system of sinusoidal current
tracking 3 phase inverter with
neural networks.
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current changes (a) Fixed band
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band hysteresis method (c) Neural
network method.
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(a) Fixed band hysteresis method
(b) Sinusoidal band hysteresis
method (c) Neural network method.
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