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Abstract

This paper is a study on Korean word recognition and suggest the method that stabilizes
the state-transition in the HMM by applying the ‘inertia’ to the feature vector sequences.

In order to reduce the quantized distortion considering probability distribution of input
vectors, we used SOFM, an unsupervised learning method, as a vector quantizer. By
applying inertia to the feature vector sequences, the overlapping of probability
distributions for the response path of each word on the self organizing feature map can be
reduced and the state-transition in the HMM can be stabilized.

In order to evaluate the performance of the method, we carried out experiments for 50
DDD area names. The results showed that applying inertia to the feature vector sequence
improved the recognition rate by 7.4% and can make more HMMs available without
reducing the recognition rate for the SOFM having the fixed number of neuron.
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Table 2. Analysis condition.
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