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(The Design and Implementation of An Intelligent
Neuro-Fuzzy System(INFS))
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Abstract

The Max-Min CRI method. a traditional inference method. has three problems:
subjective formulation of membership functions, error-prone weighting strategy. and
inefficient compositional rule of inference. Because of these problems, there is an
insurmountable error region between desired output and inferred output.

To overcome these problems, we propose an Intelligent Neuro-Fuzzy System(INFS) based
on fuzzy thoery and self-organizing functions of neural networks. INFS makes use of
neural networks(Error Back Propagation) to solve the first problem. and NCRI(New Max-
Min CRI) method for the second. With a proposed similarity measure, NCRI method is an
improved method compared to the traditional Max-Min CRI method. For the last problem,
we propose a new defuzzification method which combines only the appropriate rules
produced by the rule selection level.

Applying INFS to a D.C. series motor, we can conclude that the error region is reduced
and NCRI method performs better than Max-Min CRI method.
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Fig. 5. D.C.Series Motor.
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