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Abstract

A new neural network architecture called the Parallel, Self-Organizing Hierarchical
Neural Network (PSHNN) is presented. The new architecture involves a number of stages
in which each stage can be a particular neural network (SNN). The experiments
performed in comparison to multi-layered networks with backpropagation training and
indicated the superiority of the new architecture in the sense of classification accuracy.
training time, parallelism.
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Table 2. The classification accuracy of the
PSHNNI1 and the total number of
SNNs as a function of the number
of iterations in the 4-class problem
(7=0.05, FLC1).
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Table 3. The classification accuracy of the
PSHNN2 and the total number of
SNNs as a function of the number
of iterations in the 4-class problem
(7=0.05, FLC1).
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Table 4. The classification accuracy of the

PSHNNS3 and the total number of
SNNs as a function of the number
of iterations in the 4-class problem
(7=0.05. FLC1).
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Table 5. The classification accuracy of 3NN
as a function of the number of
iterations in the 4-class problem
(7=0.01, FLCI).
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4000 93.50 89.07
5000 93.74 83.93
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Table 6. The classification accuracy of 4NN

as a function of the number of
iterations in the 4-class problem
(7=0.01. FL.C1).
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