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A Study on Performance Analysis
of High Resolution DOA Method based on MUSIC
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ABSTRACT

This paper proposes a high resolution direction finding method, which is so called the ‘averaged
MUSIC'. This method uses a new sample array covariance matrix that consists of diagonal
components obtained by taking averages of the diagonal component values of the sample covari-
ance matrix for the MUSIC,

This paper also shows that the proposed method performs higher resolved direction-of-arrival es-
timation than the MUSIC in such cases as low signal-to-noise ratio, closed signal sources, and lim

ited number of sensors, based on the statistical analysis.
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