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Abstract

It is well known that human brain has the advantage of handling disperse and parallel
distributed data efficiently. On the basis of this fact, artificial neural networks theory was de-
veloped and has been applied to various fields of science successfully. In this study, error
back propagation algorithm which is one of the teaching technique of artificial neural
networks is applied to predict ultimate bearing capacity of pile foundations.

For the verification of applicability of this system, a total of 28 data of model pile test
results are used. The 9, 14 and 21 test data respectively out of the total 28 data are used
for training the networks, and the others are used for the comparison between the
predicted and the measured. The results show that the developed system can provide a
good matching with model pile test results by training with data more than 14, These lim-
ited results show the possibility of utilizing the neural networks for pile capacity predi-
ction problems.
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