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The Constrained Least Mean Square Error Method
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ABSTRACT

A new LMS algorithm titled ‘constrained LMS’ is proposed for problems with constrained structure.
The conventional LMS algorithm can not be used because it destioys the constrained structures of the
weights or parameters. Proposed method uses error-back propagation, which is popular in training
neural networks, for error minimization. The illustrative examples are shown to demonstrate the

applicability of the proposed algorithm.
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Fig. 1 Closed-Loop Adaptation
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