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Abstract

In this paper. we present a VLSI chip design of Multi-layer Bidirectionsl Associative
Memory with good error-correction performance. The MBAM neural chip utilizes inner
product implementation schems with binary storage and analog calculation.. Multi-layer
can be constructed by direct cascading of these chips, and the number of neurons is
expandable by parallel connection of these chips. We made proto-type chips and interface
board to test the expansion. Currently the chip has 32 input nodes, 32 output nodes, and
can store up to 48 patterns. 32x48x2 SRAMSs are included in the chip.
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