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(ECG Pattern Classification Using Back Propagation
Neural Network)
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Abstract

ECG pattern was classified using a back-propagation neural network. An improved
feature extractor of ECG is proposed for better classification capability. It is consisted of
preprocessing ECG signal by an FIR filter faster than conventional one by a factor of 5,
QRS complex recognition by moving-window integration. and peak extraction by quadratic
approximation. Since the FIR filter had a periodic frequency spectrum, only one-fifth of
usual processing time was required. Also. segmentation of ECG signal followed by
quadratic approximation of each segment enabled accurate detection of both P and T
waves. When important features were extracted and fed into a back-propagation neural
network for pattern classification, the required number of nodes in hidden and input
layers was reduced compared to using raw data as an input. also reducing the necessary
time for study. Accurate pattern classification was possible by an appropriate feature
selection.
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