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ABSTRACT

A rules of fuzzy control is to represent an expert’s and engineer’s ambiguous control knowledge
of system with some lingustic rules. This rule is very difficult to represent perfectly because ex-
pert’s knowledge is not precise and the rule is not perfect,

We propose the fuzzy reasoning and learning to upgrade precision of imperfect rules successively
after system running. In the proposed method, the precision of the backward part of a fuzzy rule is
improved by back propagation learning method. Also, the method reasons the compatibility degree
of the forward part of a fuzzy rule by associative memory method. This method this is successfully
applied to design auto-parking fuzzy controller in which expert’s technology and knowledge are
required in the limited area.
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