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ABSTRACT

There have been many researches that uses neural network models for automatic speech recognition, but the main
trend was finding the neural network models and learning rules appropriate to automatic speech recognition. How-
ever, the choice of the input speech parameter for the neural network as well as neural network model itself is a very
important factor for the improvement of performance of the automatic speech recognition system using neural net-
work. In this paper we select 6 speech parameters from surveys of the speech recognition papers which uses neural
networks, and analyze the performance for the same data and the same neural network model, We use § sets of 9
Korean plosives and 18 sets of 8 Korean vowels, We use recurrent neural network and compare the performance of
the 6 speech parameters while the number of nodes is constant. The delta cepstrum of hnear predictive coefficients

showed best result and the recegnition rates are 95.1% for the vowels and 100.0% for plosives.
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