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(A Modified Error Back Propagation Algorithm
Adding Neurons to Hidden Layer)
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Abstract

In this paper new back propagation algorithm which adds neurons to hidden layer is proposed. this
proposed algorithm is applied to the pattern recognition of written number coupled with back propaga-
tion algorithm through omitting redundant learning. Learning rate and recognition rate of the pro-
posed algorithm are compared with those of the conventional back propagation algorithm and the back
propagation through omitting redundant learning. The learning rate of proposed algorithm is 4 times
as fast as the conventional back propagation algorithm and 2 times as fast as the back propagation
through omitting redundant learning. The recognition rate is 96.2% in case of the conventional back
propagation algorithm, 96.5% in case of the back propagation through omitting redundant learning
and 97.4% in the proposed algorithm.
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algorithm 2.
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