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Abstract

Fuzzy logic rule based controller has many desirable advantages, which are simple to implement
on the real time and need not the information of structure and dynamic characteristics of the
system. Thus, nowadays, the scope of the application of the fuzzy logic controller becomes
enlarged. But, if the controlled plant is a time-varying/nonlinear system, it is not easy to
construct the fuzzy logic rules which need the knowledge of an expert. In this paper, an approach
by which the logic control rules can be auto-generated using the genetic algorithm that is known to
be very effective in the optimization problem will be proposed and the effectiveness of the proposed
approach will be verified by computer simulation of the 2 d.o.f. planner robot.
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