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(Multi- Target Tracking System Using Extended
JPDA Algorithm)

W I S T A S S

(Sung Bae Kim, Seung Cheol Bang, Sang Ro Yoon, and Eun Soo Kim)

¥ wteAe Ma maetAY G AxE e 5 BA disted ]Eef JPDA daE
AAE AE 38 AeS U3dle M2g 324 dueg]Eo gy 235 JPDA (joint probabilistic data
association) &7 A otme|Eg AAlstalch #d® JPDA s 14 SN A dolekE 4
olo] Az g Falwdl oM 71EY JPDA dazlFeld FA dlojelE: 2z ol &l At
€ 2 7 FA deoletrt EAste 2HF e FA dloletebs A sl Sk dtetelH g A
A ApEEe Fobed 2oz A2 mAshe F A g Ax 34 FYHE S A
ov} oA FAHolE F LAY track bias AL Yo 24 JPDA duigrc F2& £
A7E Q2% 4+ ddch webd B EFoliE 4% JPDA dnES ol e opF  wA
TA A2 E st e abgel Ao F4 delelE AFE R AFH gl de Fale] &
" JPDA obire|Fe] 71E4 JPDA daelgrtt Holxk 74 8% tAa A5 wodch

Abstract

In this paper, a new extended JPDA (Joint Probabilistic Data Association) tracking algorithm
which has more excellent performance than that of the conventional JPDA algorithm in case of the
tracking of crossing targets is proposed. In the proposed extended JPDA algorithm, the velocity
parameters as well as the position parameters are included to compute the association probabilities
between tracks and measurement data. Then the tracking performance of crossing targets is
improved and the track bias of parallel moving targets can be reduced. Accordingly, in this paper,
the new extended JPDA algorithm for multitarget tracking is proposed and its good performance
is shown through the computer simulation. And, tracking performance of extended JPDA algorithm
is also compared with that of JPDA algorithm with our noise model.
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