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A Study on the Parameter Identification for A Mechanical Dynamic
System Using A Time-domain Extened Kalman Filter Algorithm
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ABSTRACT

The Extended Kalman Filter(EKF) algorithm estimates variables and unknown parameters
simultaneously and is applied to parameter identification of linear and nonlinear mechanical
systems. In this paper, an EKF algorithm was developed through a computer simulation and then
applied to a sealing test system as a practical example. Comparing with the frequency domain
analysis, it was proved to be a useful alternative for the parameter identification.
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