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Abstract

In this paper, we deal with the TSP (Traveling Salesperson Problem)
which is well-known as NP-complete optimization problem. the TSP is
applicable to network routing, task allocation or scheduling, and VLSI
wiring ,

Well known numerical methods such as Newton's Metheod. Gradient
Method, Simplex Method can not be applicable to find Global Solution but
they just give Local Minimum, Exhaustive search over all cyclic paths re-
quires 5 (n-1) ! paths, so there is no computer to solve more than 15
cities, : .
Heuristic algorithm, Simulated Annealing, Artificial Neural Net method can
be used to get reasonable near-optimum with polynomial execution time on
problem size, Therefore, we are able to select the fittest one according to
the environment of problem domain,

Three methods are simulated about symmetric TSP with 30 and 50-city
samples and are compared by means of the quality of solution and the
running time
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