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Abstract

In this work Ohotomo et al., neural network model for learning and recognizing vowels is
modified in order to reduce the time for learning and the possibility of incorrect recognition. In
this modification, the finite bandwidth of formant frequencies of vowels are taken into consider-
ations in coding input patterns. Computer simulations show that the modification reduces not only
the possibility of incorrect recognition by about 30% but also the time for learning by about 7%.
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