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A Study on the Isolated Word Recognition
System Using a Neural Network
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ABSTRACT This paper proposed a real-time memory storage method and an improved sample data method from
given data of the speech signal, so, the isolated word recognition system using a back - propagation learning algorithm
of the neural network is studied. The recognition rate and the error rate are compared with the new sample data sets
generated from small sets of given sample data by the node nunber vanation of each layer. In this result. the recog-
nition rate of 95.1% was achived.
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