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A Study of Fuzzy Reasoning in Expert System
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ABSTRACT

This paper shows the fuzzy reasoning process that is specifically designed to deal with the inexactness
or fuzziness in the expert systems. The impact of overall fuzzy reasoning reviewed when knowledge with
certainty is provided, Also, the example of fuzzy reasoning used at probabilistic inference is presented.
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xor(a, b)=a+b—3ab+a’b+ab’—a’b?® o et H, H,o) &AL ttem} o] wala)
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Wb Crol T #H&e 50%< Holuh(S7t

Fo1 & W) o] o} (o] W A2l if 24 o] & shof
S84 FeE s U2 & Aok
.E =

A3 gre] ololrjoizt feloll Al g 113

ol f i obvhm 1ol YA We ool

3 Y S

#Y Aol £ AAM =
olgste] FE3te R7HA &

Qg7 28 2840l 2

oLt

2 mag Je 9]
a2eje A Qe
A A 8494 0 1}

R EERIEEE

AR YOI E3 H &5 dlol = YH oz 9ot

A F23 A5l AUt

) WA #

T itk W 5 Qo)

uwhbx ofm g W4 4t BB H o2 o)

4 gk

2) 2t el4) g

ﬁsvffwﬂd7ﬂqaw

o) 2o o] & sto] 3 7))
Nzswiel Adkael mgael Hala 4 ok,

SERERECEDE BRI
RV el 7k P8 ) A ] A 22 E ol

= =
A o o &
a4 F s e



78 AEIL AN LA 9 HAFEN BF A

(&

5

Ho

1) Dubois, D, and Prade, H,, Fuzzy Sets and
System: Theory and Application Academic
Press, 1980.

2) Graham, lan and Jones, Peter Llewelyn,
Expert Systems: Knowledge, Uncertainty
and Decision, Chapman and Hall, London,
1988.

3) Hart, Anna, Knowledge Acquisition for
Expert System, 2nd ed., Kogan Press,
London, 1989.

4) Lee, Newton S., Grize, Yves L., and Dehnad,
Khosrow, “Quantitative Models for Reaso-
ning under Uncertainty in Knowledge-Based
Expert System”, Int. J. of Intelligent systens,
I1,15-38 (1987).

5) Kandel, A., Fuzzy Techniques in Pattern
Recognition, Wiley, New York, 1982.

6) Kania, A.A., “Fuzzy Transformation in
terms of Possibilistic Measure”, Fuzzy Set
and Probability Theory: Recent Developm-
ents, RR, Yager ed.,, Pergamon, New York,
1982.

7) Martin-Clouaire, R. and Prade, H, “SPIl -

10

11

12

~

~—

)

~—

~—

1: A Simple Inference Engine of Accomn-
odating Both Imprecision and Uncertainty”,
Computer Assisted Decistion-Making G.
Mitra ed., North-Holland, Amsterdam, 198
6.

Tanimoto, Steven L., The Elements of
Artificial Intelligence: An Introduction using
LISP, Computer Science Press, 1987.
Zadeh, LA, “Fuzzy Sets as a Basis for a
Theory of Possibility”, Fuzzt Sets and
Systems, 1, 3-28(1978).

Zadeh, L.A., “Fuzzy Sets”, Information and
Control, 3, 338-333(1965)

Zadeh, L. A., “The Concept of Linguistic
Variable and its Application to Approximate
Reasoning- I, II, M”, Information Science,
8, 199-249(1975), 8, 301-357(1975), 9, 43-
80(1976).

Zadeh, L. A., “A Theory of Approximate
Reasoning”, Machine Intelligence 9, J. Hayes,
D. Michie and L. Mikulich, eds., Elsevier,
New York, 1979.



