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ABSTRACT

It is proposed to use 2 pair of frequency-domain adaptive digital filters to estimate the magnitude
squared coherence{MSC) functions of two signals. Such a method requires less computations than the
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LMS-MSC salgorithm in which the least mean square (LMS) algorithm is applied in the time domain to

compute the coefficients of a pair of adaptive digital filters. The frequency-domain adaptive digital

filtering algorithms considered in this paper include the constrained frequency domain LMS (CFLMS)
and the unconstrained frequency domain LMS (UFLMS) aigorithms. The performance of the proposed
methods are compared with those of the LMS-MSC algorithm.
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