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¥»E Za gl
AlRYE o2 o] THslAL
R=S+W (30)
o714, 8 = ‘Z_E %, 8, 8t
W=g]1
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linear prediction) ¥ (2% 5(f) 9 Axrst 218
5ol vtebut gl

23 59 Anol4 FHAFE YAZHE eldH,
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4 stxlal, MUSIC @] 73-¢ side peak 7} A2lgict.
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