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Abstract

The need of forecasting river flows arised whenever a river authority must make controls
to protect the life and property frem the flood and maintain the adequate flows for water
use. This study is on the real time flood forecasting from the gauged and ungauged rainfall
input and identification of second-order autoregressive(AR(2)) which is used as system model.
A Kalman filter is used to obtain the values of the system parameters needed for the optimal
control strategy. This system model was applied to the data at the Naiu gauging station in
Young san river basin to check the accuracy and efficiency of prediction. One step ahead
prediction is checked by stochastic analysis and the order of autoregressive model is proved
to be satisfied, Discussions on interesting features of the model are presented.
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