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Abstract

This paper describes a new two-dimensional adaptive lattice algorithm which determines
reflection coefficients recursively by applying the gradient search technique to a two-dimen-
sional lattice filter proposed by Parker and Kayran, The convergence characteristics of the
proposed algorithm are also described. A new two -dimensional adaptive lattice u algorithm
has been obtained through the application of the u algorithm to the two-dimension adaptive
lattice algorithm. Computer simulation proves that the convergence speed of the two-
dimension adaptive lattice u algorithm is relatively higher than that of the conventional adap-
tive lattice algorithm when ¢ has a small value.
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One-dimensional lattice filter structure.
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eo e (n) =es,p_1 (n) +ke-ere-1(n—1) (2)
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(my, n,) 22 #fb st G 7 el

Algorithm ]I

Ke (mye1, nyu1) =Ke (my, n,) +pe (my, ny)
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1
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B e
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