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One-Dimensional Kalman Filter for Estimating Target Position

Jin, Gang-Gyoo « Ha, Joo-Shik

Abstract

By using the least square

input estimator and a likelihood ratio

technique, an one-

dimensional tracking problem is presented. A Kalman tracking filter based on constant-
velocity model is used to track a target and the filtered estimate is updated with an input
estimate when a maneuver is detected. The simulation results show that there are signifi-
cant improvements using the scheme presented here.
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