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Abstract

This paper describes a new algorithm for the extraction of target— like objects.
In order to extract target- like objects, a given image is transformed into two ~valued image by
thresholding, and then a double gate is applied to the two—valued image.

With the synthetic —image data, we have shown the good performance of the new algorithm.
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Fig. 1. Relative position of target versus double
gate.
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Fig. 2. System configuration for target-like

objects extraction.
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Fig. 6. Histogram(4 - mode).
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