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<¥ 1> time domain oA ¢] =d ¥H AT Hr} A

model accuracy | precision | recall fl
SVM 0.7656 0.6510 0.7656 | 0.6940
K-NN 0.8047 0.8531 0.8047 | 0.7462
Random 0.8984 0.8963 0.8984 | 0.8970
Forest
SGD 0.5156 0.6271 0.5156 | 0.5438
1D CNN 0.9333 0.9354 0.9333 | 0.9324
AlZF g oAl 1D CNN ©] 93%= 7} =2 A e
£ Ho|il 3131, Random Forest 7} 90% 2 t}S02 =
S A= E HQlth

<3 2> frequency domain ©A]e] ®dl ¥ A H7} H=

model accuracy | precision | recall f1

SVM 0.9609 0.9618 0.9609 | 0.9611

K-NN 0.9375 0.9393 0.9375 | 0.9375
Random 0.9375 0.9370 0.9375 | 0.9369
Forest

SGD 0.9609 0.9620 0.9609 | 0.9608

CNN 0.9926 0.9927 0.9926 | 0.9926
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Time Domain Frequency Domain

Amplitude
Magnitude
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(29 2) 9189743 540 d2 time domain data 9}
frequency domain data
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