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7|1YE: PEFT(Parameter—Efficient Fine—Tuning), A&24<14(Automatic Speech Recognition),
QLoRA(Quantized Low Rank Adapters)
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Fig. 1. Number of parameters in recent landmark neural

networks [1]
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lll, The Proposed Scheme
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Table 1. System Environment

Item Value

CPU Xeon® E5-2683 v4

Memory 64GB

GPU (Vram) A6000 (48GB)
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Fig. 2. Processing results for transcription files
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Table 3. Experiment Result

Model GPU VRAM usage
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Table 4. Model Performance

Model CER
Whisper Large V3 11.459 (100 Step)
Whisper Large V3 + 17.571 (100 Step)
LoRA + 4Bit 14.815 (200 Step)
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IV. Conclusions
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