1. M2 g, =, 49, #F-9 59, 54, &-sind] 5 F 16F
WA e wel 9wy 54w AAdn o ouAE AU aen 7 ojuAzNE
(DNA, €98 5) & &3 2 25 ¥ A s Sl HAAE 2ad 2 A, w Vb T
G Ao @ BAZAN wE AERE 52 9 o Bold 0@ A% 9 94 BEe FAg] 5
@ wagl Ao ARtk B wEolNE JE AL FFad Azden 23d 2REL =d=
AE7F TS &3 2o YPF 54 oF & AA ] g A Thse ARE Wk
7N % /ﬂtﬂlﬂ]o]}\ ol7 o]y o Alx 7tﬂ_o ] B
H ﬂ = ] 1 L]— ]‘ ]' H 1 [ [eNe) %a ] '/] W N io[lygon; {a}g}aigs L} o g
&AL A A et el s Ak _ Tht vz vel 4 E
w z zho] Aty
hd o l 7;4 ‘%x?ﬂ
on,
2. 2= W [zoomme| | !
ol o AE AEF ol s = ulo]l Bl A ‘;\‘ | e N OO | am
del AAS sl sl =, e 24, v EEEE b o)) 1T () (2= e
_ . . - - rar M e = e
A%, O AR, DE A, AR, T w5 ol ey | &5, | (| R
F-olel digk 5450l Eﬂ]ﬂ"ioﬁ gt ol 9, ﬁ SN —
W oEgs 54 wdE 28d AN PUs(l) -
_ (29 1) ZEdda =4,
o] EASAW, Afgro] A wem st A
of daatn, &o EA g sHH At = 1) & A AHES 5 o[o|x| EF Y
Pariehe End wvo] AYGrg oo g 7 wol Wl olnAe A ZHML NFow Y
w4 2y =Es 9% 7leol dastth olHd + ol H&=E Fgsta, A ofl YEo] HolEH
A ARSI e, £ rEelds Belde FE gl ve vol BAs: 545 Aqgow
g FaAE iRkl & A AE Asst Ze Fog g A ok '3 2] Hdile] #9H =
2% Aol Akehs ZAANad dd BAS 2w olmAe 4% W Auetrt el oA s
S 13 ok WA ARAES 98 Bed w o] = x4 T Bgay we| 94 LANE me AR

;
esofsta Ao 9
R LI S R P

Rt DR I R AR B R S e i
sy901504@konkuk.ac.kr, bsseo@suwon.ac.kr, geun0196@gnu.ac kr, ky.jang@kra.co.kr

Horse Entity Identification Framework using
Deep Learning

Seo-Yun Kim'!, Bosan Seo®, SeungJin Jung® ,Ki-Young Jang’
Dept. of Applied Statistics, Kon-kuk University
“Dept. of College of Humanities & Social Sciences, Suwon University
*Dept. of Aerospace and software engineering, Gyoungsang national university
“Dept. of IT Business Team, Korea Racing Authority

Q oF
B g we AjA AW wbge) Heds BEdel ARHoR 4u Asd AN 5% A%
2 5 Qe 9HA AN B AN 48 ABR TdANAE AdA Adste Tagdgas
wel A g a ol 2 W, Hede 28T wel 54 52 wd 2 A0 9o 4
¥ ool guel W wgen FARo] gov], ¥ wRoA AAst PHEs vgew @ A
4 B4 Asstete] wol 5AL ARAoln HRHoR FEeel B A BT duA wl




ACK 2023 sh=gt = 3|

MY Bgs FE
st Segmentation 7] ¥
Mask2Former[3] % ©]
of =4 7bsd 7hvhel
&-g3sto] 7hutel 9

2+t SegFormer[2] &
=A@ w2 dAl
749 Object Detection 7|9
o}
J\'_:L_
[e)

o
=
A71E Fola EYgS FE8 & & Aok

3% ¢l Object Detection 7|H o 2= YOLOvS[4]
T mdo] Exgth we] dMS FEst ALY 9
d R HEs T 953 Sd2E5 9 9 A
Z3t7] 98k W o 2= Image Classification 7]%
= 8 F Utk ouA Y SH=E AP AFolH
2 F sz FERRE Yo

EfficientNet[5] 52| Z=o] &3},
\ '\ / AR

= o -
Helde B8 W 5L FER Folt
2ol ", e v S 4% ks gue 9o

)
ol
N
L
o
o
et
o

< rﬂ' L)
o
o
fols
o
a2
o

2

o

o

o

o o,
2L

il

bt

o|N
™,
>
)
= P ) E o

ot ¥ A nt

o
ol

o
=

2
o
N
9

I
=}
iz}
i)
[
=
(m

1o o
)

NV ;9‘
kv
[0 o K
=5
ax
o
frt
i
o
ofl
g o

ot

ol

ol

fd

=)

Ho

ol

__)ri_nll

X

i

N

2V

g
__)rl_vl‘

X

o8
o2

%0
o 18

[1] 2Arddrnzd ff 7hA 2 e
https://www.horsepia.com/hp/pa/hh/HI1040C_003_0
02_004.do

[2] Xie, E., Wang, W., Yu, Z., Anandkumar, A.,
Alvarez, J. M., & Luo, P. SegFormer: Simple and
efficient design for semantic segmentation with
transformers. Advances in Neural Information
Processing Systems, 34, 12077-12090. (2021)

[3] Cheng, B., Misra, I, Schwing, A. G., Kirillov,
A, & Girdhar, R. Masked-attention mask
transformer for universal image segmentation. In
Proceedings of the IEEE/CVF conference on
computer vision and pattern recognition (pp.
1290-1299). (2022)

[4] YOLOVS8: https://docs.ultralytics.com/

[5] Tan, M., & Le, Q. Efficientnet: Rethinking
model scaling for convolutional neural networks.
In International conference on machine learning,
PMLR. (pp. 6105-6114). (2019)

- 911 -





