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k © 5 / score : 0,28954277833441314
k © 6 / score . 0,25954277833441314
k @ 7 / score . 0,25954277833441314
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ko 12 / score © 0.25954277833441314
k © 13 / score © 0.25954277833441314
ko 14/ score @ 0.25954277833441314
k © 15 / score © 0.25954277833441314
best n: & | best score ¢ 0,2b904277833441314

(¥ 2) K-means Silhouette coefficient method
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Dimensions K (best) Silhouette Score (best)
100 2 0.5523
2 0.8721
2 5 0.8725
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