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Intel 19-11900K CPU, NVIDA GeForfce
RTX 3090 GPU = F 3= e™ Linux 20.04.2 LTS &
9 AA A3 CUDA version 11.10 o] Y a=H oA
o Al Zl3 = Tk,

52 AR (8 RAIE &4

<G 1> gEHolE e HAE HolHE o] &l
Y ol x| &} RembgOIUlX1 of il 7 =& AT
& JEete AAAL acc® FAF AWE ey
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<E 1> JAAE o] 8T FAE B A

Feature | Threshold | Train_acc | Test acc | Rembg

SIFT 0.4 0.79 0.78 X

SIFT 0.5 0.82 0.82 X

SIFT 0.6 0.82 0.82 X

SIFT 0.7 0.79 0.79 X

SIFT 0.4 0.67 0.69 O

SIFT 0.5 0.69 0.69 O

SIFT 0.6 0.69 0.69 O

SIFT 0.7 0.66 0.65 O

HSV 0.89 0.87 X

HSV 0.77 0.77 0
52 7[H &&E 0|88t fAIE 4
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<3 2> Decision Tree & &}ol¥utetng AA

Class weight | Balanced | Min samples leaf 11
Criterion Gini Min samples split 5
Max depth 9 Splitter Best
Max feature sqrt

Tree 9] 3t A}

<3t 3> Decision

Feature Background | Acc | Recall | Precision

SIFT Normal | 0.83 | 0.90 0.78

SIFT+HSV | Normal | 0.91 | 0.94 0.89

SIFT Rembg 076 | 0.68 0.81

SIFT+HSV Rembg 081 | 088 0.77

SIFT Normal + 1 ¢/ | .90 0.78
Rembg

SIFT+Hsy | Normal+ g g0 1 (o5 0.92
Rembg
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<3 5> Support Vector machine s+ 23}

Feature Background | Acc | Recall | Precision

SIFT Normal 0.82 | 0.94 0.75

SIFT+HSV | Normal 0.91 |0.94 0.89

SIFT Rembg 0.76 | 0.68 0.82

SIFT+HSV | Rembg 0.81 |0.90 0.76

SIFT Normal + | 0.83 | 0.90 0.78
Rembg

SIFT+HSV | Normal + | 0.93 | 0.96 0.901
Rembg
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