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Fig. 1. Example of Handwritten Datasets

Table 1. Number of data for the datasets

Datsets Trainb Test Sum

MNIST 60,000 10,000 70,000
EMNIST-letters 88,000 14,800 102,800

KMNIST 60,000 10,000 70,000

lll, Classification using ResNet-50
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Table 2. Performance Evaluation using Accuracy

Datsets Simple Network ResNet-50

MNIST 99.15% 98.72%
EMNIST-letters 82.18% 92.09%

KMNIST 94.69% 95.20%
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