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Fig. 1. Naive MLS(a) and Divergence-constrained MLS[1](b).
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22. Density estimation with Monte Carlo method
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Estimating Pi: 3.141320 (N=100000)
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Fig. 2. Calculate Pl with Monte Carlo method
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(c) (d)
Fig. 3. Calculate densely location with Monte Carlo
method :a (a) original density image, (b) discretized
density, (c,d) estimated densely location with Monte
Carlo method,
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Fig. 4. Various vector patterns with our method : (a) original
MLS scenel, (b,c) applying our method to scenel, (d) original
MLS scene2, (e,f) applying our method to scene2,
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IV. Conclusions
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