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Fig. 1. Container incident risk classification model flowchart
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Fig. 3. K-means Result of Each class
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Table 1. Learning result

oo Baseline WAY_1 WAY_2
= (YOLOV7) (9_Anchor) | (3_Anchor)
Precision 70.5% 73.6% 66.8%
Recall 75.5% 78.9% 73.8%
AP(Danger) | 82.8% 85.3% 79.0%
AP(Caution) | 64.0% 72.7% 59.0%
AP(Safe) 87.1% 89.5% 83.2%
mAP 78.1% 82.5% 73.8%
F1-Score 72.9% 76.2% 70.1%

AR A%} FeIE A 921 BlolElAl Ao KmeansE
#8352} 25%2 71 el Telol Alsleeg 2R
.

IV. Conclusions
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