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I, Preliminaries

1. Related works
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Fig. 1. The case of dog Nose-print recognition

o

519



SR FEIRESS| siAstEs| =FF H31E H25 (2023, 7)

lll, The Proposed Scheme

1. Applied Algorithm
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2. Experiment results
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Fig. 2. Transfer Learning model
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Fig. 3. The result of running dog recognition
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Table 1. Performance of dog recognition

Data Set SEelulEe Backbone
(accuracy)
collected data set 93.89 % Colab

IV. Conclusions
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