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I, Preliminaries

1, Maintenance Unit of ROK Navy
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2. Related Works

2.1 Machine Learning
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lll, The Proposed Scheme

1. Tools and Dataset
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Table 1. Job Positoin of Maintenance Staff
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2. Preprocessing
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3. Machine Learning
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IV. Results

1. Exploratory Data Analysis
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1.1 Statistics Analysis
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Table 3. Result of Key Statistical Analysis
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1.2 Correlation Analysis
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Fig. 1. Heatmap for Correlation
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2. Prediction and Evaluation
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Fig. 2. Heatmap for Confusionmatrix

3. Feature Importance
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Fig. 3. Feature Importance
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V. Conclusions
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